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Question – what stages have most data now?

1. Planning what work to do
Little --------------------Some--------------------Lots

2. Tracking work being done
Little --------------------Some--------------------Lots

3.   Measuring the impact of what was done
Little --------------------Some--------------------Lots

















Metric: Output (Throughput or Velocity)

• Big & small things OK
• ?
• ?

• Smaller sized items encouraged
• ?
• ?

• No sense of flow
• ?
• ?

• Fake estimates
• Output > outcome
• ?









http://bit.ly/SimResources
Yes, it is case sensitive, thanks for asking. Capital S and R.

Spreadsheets/Team Dashboard v4.xlsx

http://bit.ly/SimResources














“When to Leave Home” 
Forecasting Exercise 

Given two addresses compute the 

“when to leave home” time 

in order to arrive by a desired 

target time. 



Q1 – What is the general algorithm you might use to compute this time? 
Spend 10 minutes discussing the problem and how you will compute the “leave home” time. Then 
decide on one person to present that algorithm using step-by-step sticky notes to the room in 2 
minutes or less. Tip: start by discussing how you personally decide when to leave home when 
travelling to a fixed time event. 

Extra credit: Define “success” for your solution. 

After hearing and discussing all of the group’s ideas, spend 5 minutes and decide what method you 
think solves this problem the best. 

Q2 – What data would you require to implement that algorithm? 
Spend 5-10 minutes creating a sticky-notes for each input data or information required for your 
algorithm. Decide if its critical to have (can’t do without) or if it is an optimization (improves the 
forecast) and then decide on one person to present those stick-notes to the room in 2 minutes or 
less. 

Extra Credit: For the critical data, describe what you will do if you can’t get or don’t yet have that 
data. 



Q3 – What factors could cause forecasting error (arriving late)? 
Spend 5-10 minutes discussing what external factors could cause forecasting error. Create a 
sticky-note for each factor and describe how you might “deal” with that factor in your 
forecasts. Decide on one person to present those sticky-notes to the room in 2 minutes or 
less. 

Q4 – How might you measure success of this feature in production? 
Spend 5 minutes discussing how to measure success in production, and how production data 
could improve the results over time. Decide on one person to present your findings to the 
room in 2 minutes or less. 

Q5 – How might this same algorithm be used in forecasting when you need to start 
software features to deliver by a given date? 

Spend 15 minutes as a group discussing how this technique might be used for forecasting 
software projects or features in multiple team environments. For example; What would need 
to be changed? What data you need for the feature/project and the system delivering those 
features/projects? 



5 Data Driven Coaching Commandments

• Avoid Embarrassing People 
• (or they will just hide bad news)

• Act on Trends Not Single Measures 
• (lonely numbers make poor decision partners)

• Compare To See Insights
• (or you will be misled by what you see)

• Highlight (Important) Insights
• (the right ones and show me severity from expected)

• Balance Competing Forces 
• (and avoid doing more harm than good)



Avoid Embarrassment

• Public shaming = Data Hiding = No (reliable) Insights

• Show insights to the people who can fix issues, not those who can’t

• There is always missing information, understand context before action

• Do
• Celebrate insights from BAD news as much as GOOD news

• Show data aggregated at a level where action makes a systemic difference

• Always ask for context – “I see a decline, do we know why?” 



Act on Trends

• Bad (or good) patterns cannot be seen from any single data point

• A single “worse” than expected measure may not be bad
• Did it improve from last time (bad, but improving)?
• Is it an outlier? Is it an erroneous measurement? 
• Is the difference significant enough to matter?

• Do
• Track data over time to see change (trend) 
• Make insights and take action based on trend not value
• Celebrate improving tends, even if not as good as you want yet 



Compare to See Insights

• Compare actual trend against an expected trend to make insights.

• You need to compare against the RIGHT things to spot (the right) insights.
• Size watermelons shouldn’t be compared with apples (obvious)
• Team formed five years ago shouldn’t be compared with new team (less obvious)

• [Chart: Average fruit weight]
• [your cherry farm needs to improve, you are way under average fruit weight]
• [And your watermelon farm is way over average, bonus – promotion time] 

• Do
• Set expected values based on similar and appropriate prior examples and trends
• Use comparisons to learn – “What is working here, and could be used there?”
• When you get a false positive, ask “What caused us to think this was bad (or good)?” and fix



Highlight (Important) Insights

• Avoid “choose your own adventure” graphs (no obvious story/conclusion)
• If you don’t highlight what IS significant, people will find their own

• Highlight where expected trend <> observed trend (by significant amount) 
• Severity of insights helps people take the right amount of action

• Audience: Highlight insights (only) TO those people who can take action

• Do
• Highlight in an obvious way things that were NOT as expected
• Show severity in a clear way, don’t make all insights equal
• Show insights to people who can fix it, not people who can’t



Balance Competing Forces

• Over optimizing ANY one measure will cause impact elsewhere

• Being OK across many measurement dimensions > being EXCELLENT at one 
• See the 6 Dimensions to Balance I recommend

• Learn to anticipate the impacts of your actions on your system of measures

• Do
• Measure competing dimensions

• Look for early warning signs of over emphasis of any one metric

• Constantly trade from something you are good at to improve something you aren’t


